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Section1 - Imbalanced Data

When Accuracy Lies
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Source: UBC CPSC 330 (2026), Lecture 9, credit-card fraud example.
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Adapted from UBC CPSC 330 (2026), Lecture 9, DummyClassifier.
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Source: UBC CPSC 330 (2026), Lecture 9, logistic-regression validation result.
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Checkpoint
When Accuracy Lies
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Section2 - Imbalanced Data

Metrics That Survive
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12 £1 model.classes_[1] == 19l E'%'9| EES A2t
1 from sklearn.metrics import precision_recall_curve
2
3 score = model.predict_proba(X_valid)[:, 1]

4 precision, recall, threshold = precision_recall_curve(

5

6

y_valid, score

)

Adapted from UBC CPSC 330 (2026), Lecture 9, precision-recall curve.
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Source: UBC CPSC 330 (2026), Lecture 9, precision-recall curve.
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Checkpoint

Metrics That Survive
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Section 3 - Imbalanced Data

Moving the Threshold
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Source: UBC CPSC 330 (2026), Lecture 9, validation classification report.
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Source: James et al. (2023), Figure 4.7.
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Checkpoint

Moving the Threshold
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Section4 - Imbalanced Data

Changing Data and Training
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Source: UBC CPSC 330 (2026), Lecture 9, validation confusion matrix.
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from sklearn.model_selection import train_test_split

1

2

3 X_train, X_valid, y_train, y_valid = train_test_split(
4 X, y, test_size=0.2, stratify=y, random_state=42

5

)

stratify=ye= F AtE2| AP| HIES Y{XtEet 27| Lh=ChE3 2, stratified split)

Adapted from scikit-learn MOOC (2022), stratified data splitting.
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Source: scikit-learn (n.d.), LogisticRegression, class_weight documentation.
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from sklearn.linear_model import LogisticRegression

1

2

3 model = LogisticRegression(
4 max_iter=500,

5 class_weight="balanced"
6 )

7 model.fit(X_train, y_train)

Adapted from UBC CPSC 330 (2026), Lecture 9, class_weight.
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715X HE 9| mal= X HOICE CI=Ct

WAIHE X B 72 8% = 7154
Helo 0.999 0.973
xeig 0.602 0.891
AU 0.889 0.054
F1 0.717 0102
ROC AUC 0.968 0.971
Y MU (AP) 0.743 0.730

Source: UBC CPSC 330 (2026), Lecture 9, five-fold cross-validation.

ot ROC AUC-AP= 7{29| ZLC}
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Checkpoint

Changing Data and Training
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What If the Boundary Is Not a Line?
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