Types of Learning

Labels, Structure, Rewards

What the Data Gives You
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Section1 + Types of Learning
Learning Problems
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Section2 -« Types of Learning

Supervised Data
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Section3 . Types of Learning
Actions and Rewards
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Source: Zhang et al. (2023), Figure 1.3.7.
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Source: MIT 6.390 (2026), Reinforcement Learning.
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Section4 + Types of Learning

Classifying Problems
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How Do Vectors and Matrices Represent

Data and Models?

Next Lecture: Vectors and Matrices
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